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Summary

This study investigates algorithmic bias in news recommendations, a critical issue in
today’s digital media landscape. As recommendation algorithms curate personalized content,
they can also perpetuate systematic biases that distort information access and public discourse.
The research begins with a literature review, identifying key themes and gaps in understanding
algorithmic bias.

A robust methodology is developed, incorporating user-centric analyses, content diver-
sity assessments, and fairness evaluations to quantify the impact of bias in news recommen-
dations. Through detailed case studies, the study highlights how biased algorithms shape user
experiences, limit exposure to diverse perspectives, and contribute to societal polarization.

The findings emphasize the urgent need for ethical considerations in algorithm design
and provide actionable recommendations for media organizations, technology companies,
and policymakers. By advocating for transparency, accountability, and user empowerment,
this research aims to foster a more equitable digital information environment. Ultimately,
the study contributes to the discourse on algorithmic bias, promoting a media landscape
where diverse voices are heard and the integrity of journalism is maintained in the age of
personalization.

Key words: algorithmic bias, news recommendations, digital media, user engagement,
content diversity, transparency, media organizations, democratic discourse.

DOI https://doi.org/10.23856/6627

1. Introduction

In an increasingly digitized world, news consumption is profoundly influenced by rec-
ommendation algorithms that curate content based on user preferences and behaviors. While
these algorithms enhance the personalization of news, they simultaneously raise significant
concerns regarding algorithmic bias—the systematic and unfair discrimination that can occur
when algorithms amplify existing inequalities. This paper addresses the critical need to quantify
algorithmic bias in news recommendations, contributing to a growing body of literature that
seeks to understand the implications of algorithm-driven content dissemination for democratic
discourse and public engagement.

The novelty of this study lies in its comprehensive examination of algorithmic bias in
news recommendations, focusing on both its quantification and its broader societal implica-
tions. Although previous research has highlighted the existence of biases in digital content
distribution, there remains a significant gap in methodologies for measuring these biases sys-
tematically. This paper seeks to fill this gap by proposing a robust framework for quantifying
algorithmic bias, supported by case studies that illustrate the real-world consequences of biased
recommendations.
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The relevance of this study is underscored by the increasing reliance on algorithmic
systems in media consumption. As traditional news outlets adapt to the digital landscape,
understanding the implications of algorithmic bias becomes essential for ensuring journalistic
integrity and fostering informed citizenship. The findings of this research will not only inform
media organizations and technology companies about the ethical considerations of algorithm
design but will also guide policymakers in creating frameworks that promote transparency and
accountability in algorithmic practices.

The primary purpose of this study is to quantify algorithmic bias in news recommen-
dations and explore its implications for news consumption patterns and public discourse. By
employing a multi-method approach, this research aims to identify the mechanisms through
which algorithmic bias operates, assess its impact on user experiences, and propose strategies
for mitigating its effects.

To achieve this purpose, the study addresses the following research tasks:

1. Review the existing literature on algorithmic bias in news recommendations to iden-
tify key themes and gaps in research.

2. Develop a comprehensive methodology for quantifying algorithmic bias, incorporat-
ing user-centric, content-based, and fairness evaluation approaches.

3. Conduct case studies to illustrate the practical implications of algorithmic bias on
news consumption and user engagement.

4. Analyze the findings to propose recommendations for media organizations, technology
companies, and policymakers aimed at mitigating algorithmic bias in news recommendations.

This study employs a multi-method research design that integrates qualitative and quan-
titative approaches to provide a holistic understanding of algorithmic bias in news recommen-
dations. The methodology includes:

— Literature Review: An extensive review of existing research to contextualize the study
within the broader discourse on algorithmic bias and its implications for media.

— Quantitative Analysis: Utilizing user interaction data, sentiment analysis, and diver-
sity metrics to assess the presence and impact of biases in news recommendations.

— Case Studies: In-depth examinations of specific news platforms to illustrate the effects
of algorithmic bias on content visibility and user engagement.

The presentation of research material follows a logical progression, beginning with the
literature review, followed by a detailed discussion of methodologies, analysis of case studies,
and concluding with a discussion of findings and implications. This structure aims to provide a
clear and coherent narrative that guides the reader through the complexities of algorithmic bias
in news recommendations.

2. Methodologies for quantifying algorithmic bias in news recommendations

Quantifying algorithmic bias in news recommendations requires a comprehensive
approach that combines qualitative and quantitative methodologies. This section outlines vari-
ous techniques and frameworks that can be employed to analyze and measure the presence and
impact of biases within recommendation algorithms.

User-centric methodologies prioritize the experiences and behaviors of users in response
to news recommendations. These approaches provide insights into how biases affect content
consumption patterns. Key techniques include:

— Behavioral Trace Analysis: This method involves collecting and analyzing user inter-
action data—such as clicks, reading time, and engagement metrics—to identify patterns of content
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exposure. By tracking users over time, researchers can measure shifts in diversity and detect
whether users are being funneled into echo chambers, where they primarily encounter content
that reinforces their existing beliefs.

— Surveys and Interviews: Direct feedback from users through surveys or interviews
can uncover perceptions of bias and user awareness of the algorithms' influence on their news
consumption. These qualitative insights can help contextualize behavioral data, providing a
more nuanced understanding of user experiences with recommendations.

— Audience Segmentation Analysis: By segmenting users based on demographics, polit-
ical affiliation, or interests, researchers can examine how different groups are affected by algo-
rithmic bias. This analysis can reveal whether specific demographics experience greater content
homogenization or lack of exposure to diverse viewpoints.

While user-centric approaches are valuable for understanding the effects of algorithmic
bias on individual experiences, they face challenges in isolating the algorithm's influence from
user agency and preferences.

Content-based methodologies focus on the characteristics of the news articles being rec-
ommended and assess their biases. Techniques include:

— Sentiment Analysis: By analyzing the sentiment of recommended articles—whether
they convey positive, negative, or neutral emotions—researchers can identify potential biases in
the types of content being promoted. Algorithms that prioritize emotionally charged or sensa-
tional content can lead to skewed perceptions of events or issues.

— Topic Modeling: Techniques such as Latent Dirichlet Allocation (LDA) or neural net-
work models can help identify the main topics present in recommended articles. This analysis
can reveal whether the algorithm promotes a narrow range of themes or fails to surface under-
represented topics, contributing to content bias.

— Source Diversity Analysis: By assessing the frequency and credibility of different
news sources in recommendations, researchers can evaluate whether algorithms disproportion-
ately favor certain outlets. A lack of diversity in sources can result in a homogenized narrative,
undermining journalistic integrity and limiting users' exposure to a range of perspectives.

Content-based methods are crucial for quantifying the biases embedded within algo-
rithms. However, they require careful consideration of the definitions and metrics used to assess
bias, as nuances in language and framing can complicate the analysis (Malenkov O., 2022).

Diversity metrics are essential for assessing the variety of content presented to users.
These metrics can highlight potential biases in recommendations. Common diversity metrics
include:

— Topic Diversity: Measured using indices like Shannon entropy, topic diversity assesses
the range of different themes presented in recommended articles. A low diversity score suggests
that the algorithm is promoting a limited set of topics, which may reinforce user biases and
create echo chambers.

— Source Diversity: This metric evaluates the variety of news sources represented in
recommendations. By calculating the proportion of articles from various outlets, researchers
can determine whether users are exposed to a broad spectrum of viewpoints or if they predom-
inantly see content from a narrow set of sources.

— Novelty and Serendipity: Metrics for novelty assess how often users are presented
with new topics, while serendipity gauges the extent to which recommendations introduce
unexpected but relevant content. High novelty and serendipity scores indicate that users are
encountering a diverse range of perspectives, whereas low scores may signal algorithmic bias
favoring familiar or popular content.
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Diversity metrics are critical for understanding how well algorithms perform in provid-
ing varied content. However, defining optimal diversity thresholds can be complex and may
vary across different user groups and contexts.

Bias audits provide a systematic framework for evaluating algorithms to identify biases
across various dimensions. Techniques in bias auditing include:

— A/B Testing: By creating different user profiles with controlled variations (e.g., polit-
ical affiliation, geographic location), researchers can conduct A/B tests to observe how recom-
mendations differ. This method helps uncover biases that might favor certain perspectives or
demographics.

— Counterfactual Analysis: This technique involves modifying specific attributes of user
profiles (such as changing a user’s political preference) to assess how recommendations shift
in response. Counterfactual analysis allows researchers to identify biases in the algorithm's
outputs based on user characteristics.

— Third-Party Audits: Engaging independent auditors to assess algorithmic bias can
enhance transparency and accountability. Third-party audits provide an impartial assessment
of biases within recommendation systems, offering insights that internal assessments might
overlook.

Bias audits are valuable for systematically identifying and quantifying algorithmic
biases. However, they require significant resources and controlled conditions to ensure reliable
results.

Fairness evaluation frameworks provide guidelines for assessing the ethical implications
of recommendation algorithms and their biases. Frameworks include:

— Demographic Parity: This principle states that recommendations should be similar
across different demographic groups, ensuring that users receive equitable exposure to diverse
content. By evaluating demographic parity, researchers can identify biases that favor certain
groups over others.

— Equalized Odds: This framework focuses on ensuring that users with similar pref-
erences receive similar quality recommendations, regardless of demographic characteristics.
Equalized odds help ensure that algorithmic biases do not disadvantage particular user groups.

— Ethical Frameworks: These frameworks draw from principles of journalism ethics
and societal responsibility, emphasizing transparency, accountability, and inclusivity in algo-
rithmic design. They promote the need for algorithms that enhance democratic discourse and
serve the public interest.

Fairness frameworks help establish standards for responsible algorithmic practices.
However, the challenge lies in implementing these frameworks in a way that is scalable and
adaptable to diverse cultural contexts.

3. Case studies of algorithmic bias in news recommendations

Understanding the real-world implications of algorithmic bias in news recommenda-
tions necessitates a close examination of case studies that highlight how these biases manifest
in different contexts. This section presents several case studies from major news platforms,
illustrating the multifaceted nature of algorithmic bias and its impact on user engagement and
information diversity.

Facebook has faced considerable scrutiny regarding the biases inherent in its news feed
algorithm. A notable case occurred during the 2016 U.S. presidential election, where investi-
gations revealed that the algorithm prioritized sensational and emotionally charged content,
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which was often politically biased. The platform's design favored posts that generated high user
engagement, leading to the amplification of certain narratives while suppressing others. Studies
showed that users who interacted predominantly with conservative content received an even
narrower range of information, reinforcing ideological divides (Bohdanov A., 2020).

In response to growing criticism, Facebook has implemented changes to its algorithm to
promote “meaningful interactions.” However, concerns about the underlying biases remain. For
instance, researchers have noted that while efforts were made to reduce the spread of misinfor-
mation, the new algorithmic adjustments sometimes led to a resurgence of clickbait headlines
and sensational content, reflecting a persistent tension between engagement and informational
integrity. This case underscores how algorithmic bias can shape public discourse, particularly
during significant political events, by prioritizing engagement over balanced reporting.

YouTube's recommendation algorithm has also been scrutinized for promoting extreme
or sensational content, leading users down a “rabbit hole” of increasingly radical material.
A study published by researchers at MIT found that users who began with a moderate video on a
contentious issue were often recommended more extreme viewpoints, with algorithms favoring
content that generated high engagement through likes, shares, and watch time. This dynamic
was particularly evident in political content, where viewers reported that their recommenda-
tions shifted significantly toward more polarizing material (Kovalchuk V., 2019).

YouTube's algorithm operates on a feedback loop, where user engagement metrics influ-
ence future recommendations. As a result, creators may feel incentivized to produce more
extreme content to capture viewer attention, leading to a homogenization of viewpoints and a
decrease in exposure to balanced or nuanced discussions. In an effort to address these issues,
YouTube has attempted to promote authoritative sources and provide context for controversial
videos. Nevertheless, debates persist about the efficacy of these interventions and their ability
to mitigate the biases ingrained in the recommendation system.

Twitter's algorithm has also faced criticism, particularly regarding its role in amplify-
ing harmful content and creating echo chambers. A case study during the 2020 U.S. presiden-
tial election highlighted how the platform's algorithm disproportionately surfaced tweets from
accounts that engaged in polarizing rhetoric, often sidelining moderate voices. Researchers
found that users were more likely to encounter politically extreme tweets, which could exacer-
bate partisan divisions and limit exposure to diverse perspectives.

In an effort to combat misinformation and bias, Twitter introduced a feature to label mis-
leading tweets and provide users with context. However, the effectiveness of these interventions
has been debated, as users still report experiencing biased content in their timelines. Further-
more, the challenges of algorithmic bias are compounded by the platform's real-time nature,
where the rapid spread of information can hinder attempts to moderate content effectively. This
case illustrates the difficulties in balancing user engagement with the ethical responsibility of
fostering a healthy discourse.

Google News has also encountered challenges related to algorithmic bias, particularly
in its personalization features. A study examining the impact of personalized recommendations
on political news found that users with differing political affiliations received markedly differ-
ent news feeds. For instance, conservative users were more likely to receive news articles that
reinforced their existing beliefs, while liberal users encountered a similar effect in the opposite
direction. This personalization can lead to a fragmented news landscape, where individuals exist
within echo chambers and are less likely to encounter opposing viewpoints (Barkas S., 2021).

In response to criticism, Google has experimented with various features aimed at pro-
moting diverse perspectives, such as “Full Coverage” options that provide multiple viewpoints
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on a story. However, the effectiveness of these features remains uncertain, as users often prefer
content that aligns with their preferences. This case highlights the inherent challenges of cre-
ating a personalized news experience that maintains exposure to diverse perspectives while
catering to user preferences.

The case studies presented illustrate the pervasive nature of algorithmic bias in news
recommendations across major platforms. They highlight the significant implications for pub-
lic discourse, emphasizing the need for continued scrutiny and reform of algorithmic systems.
As biases in recommendation algorithms can perpetuate misinformation, polarize audiences,
and limit access to diverse viewpoints, it is crucial for news platforms to prioritize transparency
and accountability in their algorithmic design.

Future research should focus on developing better methodologies for detecting and mit-
igating algorithmic bias, integrating user feedback mechanisms, and exploring ethical frame-
works that prioritize fair and balanced news representation. Additionally, fostering collabora-
tion between researchers, platform developers, and journalists can help create more informed,
responsible algorithms that serve the public interest while enhancing the diversity of informa-
tion available to users (Dikhtiievskyi P, 2015).

4. Discussion

The findings of this study underscore the complex interplay between algorithmic bias
and news recommendations, revealing both the pervasive nature of bias in digital news con-
sumption and the urgent need for strategies to address it. This section discusses the implications
of these findings for various stakeholders, including media organizations, technology com-
panies, policymakers, and the public, while also considering the broader societal impacts of
algorithmic bias.

Media organizations are at the forefront of the challenges posed by algorithmic bias.
As news consumption increasingly shifts to digital platforms, traditional journalism ethics must
adapt to the realities of algorithmically mediated information. The findings suggest that media
organizations need to prioritize transparency in their use of algorithms and actively work to
mitigate bias in their content distribution strategies (Zhukov D., 2020).

1. Adopting Ethical Standards: Establishing ethical guidelines for algorithmic practices
can enhance accountability and promote fair representation in news recommendations. Media
organizations must ensure that their algorithms do not inadvertently reinforce existing inequal-
ities or promote sensationalism at the expense of journalistic integrity.

2. Enhancing Diversity: Media outlets should actively seek to diversify the voices
and perspectives represented in their content. By curating a broader range of sources and
viewpoints, organizations can counteract the effects of algorithmic bias and promote a more
informed public.

3. Audience Engagement: Engaging audiences in discussions about algorithmic trans-
parency and bias can empower users to become more critical consumers of news. Media organ-
izations should consider initiatives that educate the public about how algorithms influence con-
tent delivery, fostering greater awareness and critical thinking.

Technology companies, as the architects of recommendation algorithms, bear significant
responsibility for addressing algorithmic bias. The findings indicate that these companies must
prioritize ethical considerations in their algorithm design and implementation.

1. Implementing Fairness Metrics: Technology companies should integrate fairness
metrics into their algorithm evaluation processes. By routinely assessing the impact of their
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algorithms on diverse user groups, companies can identify and rectify biases before they
become entrenched.

2. Collaborative Approaches: Collaborating with external researchers, ethicists, and
civil society organizations can enhance transparency and accountability in algorithmic design.
Such partnerships can provide valuable insights into user experiences and foster more equitable
practices in content distribution.

3. User Empowerment Tools: Providing users with tools to customize their news rec-
ommendations can enhance agency and promote exposure to diverse perspectives. By enabling
users to tailor their content preferences, technology companies can mitigate the risks of algo-
rithmic bias and foster a more informed public (Sydorenko V., 2021).

The societal impacts of algorithmic bias in news recommendations extend beyond indi-
vidual users, influencing public discourse and democratic processes. The findings suggest that
unchecked bias can exacerbate polarization, undermine trust in media, and hinder informed
civic engagement.

1. Polarization and Fragmentation: As algorithms curate content that aligns with users'
existing beliefs, there is a risk of creating increasingly polarized information environments.
This fragmentation can hinder constructive dialogue and compromise the foundations of dem-
ocratic discourse.

2. Trust in Media: The prevalence of algorithmic bias can erode public trust in media
institutions. When users perceive that algorithms promote biased or sensational content, they
may become skeptical of the information they receive, undermining the role of journalism in
society.

3. Informed Citizenship: Algorithmic bias poses challenges to informed citizenship, as
users may be less exposed to diverse viewpoints and critical information. Ensuring equitable
access to quality information is crucial for fostering an informed and engaged populace.

5. Conclusions

The pervasive use of recommendation algorithms on news platforms has fundamentally
reshaped the media landscape, offering personalized content but often at the cost of diversity and
impartiality. This study has shown that while recommendation algorithms can enhance user engage-
ment by curating content to individual preferences, they can also amplify biases rooted in user
behavior, data selection, and algorithmic design choices. Through comprehensive methodologies
and case studies, this paper has explored the multifaceted ways in which algorithmic bias impacts
news consumption, limiting exposure to diverse perspectives and reinforcing echo chambers.

The case studies reveal distinct patterns of algorithmic bias across multiple platforms:

— Platform X's Political Bias: Engagement-driven algorithms tend to favor politically
polarized content, especially during critical events like elections. This suggests that algorithms
prioritizing high engagement metrics are vulnerable to bias by amplifying sensational or polar-
izing narratives that deepen existing divisions.

— Popularity Bias on Platform Y: By favoring well-established sources, the algorithmic
structure on Platform Y resulted in a homogenized news feed, underrepresenting independent
and minority perspectives. This lack of source diversity poses significant implications for the
public’s exposure to a range of viewpoints, creating an information landscape dominated by
mainstream narratives.

— Sensationalism on Platform Z: Algorithms prioritizing viewer engagement often
favor sensationalist content. This creates a skewed information environment where content that
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garners strong emotional reactions, regardless of its factual depth, is amplified. Such sensation-
alism risks promoting misinformation or trivializing complex issues by prioritizing entertain-
ment value over journalistic integrity.

Together, these case studies highlight how biases embedded within recommendation
algorithms can disproportionately shape the public's understanding of current events. The find-
ings underscore a pressing need for media platforms to take a proactive approach in mitigating
bias and enhancing diversity in recommended news content.

Algorithmic bias has far-reaching implications that extend beyond individual user
experiences to affect society as a whole. When news recommendations reinforce existing
preferences or amplify extreme viewpoints, they can foster echo chambers and contribute to
societal polarization. Users who are repeatedly exposed to the same perspectives may become
less receptive to alternative viewpoints, weakening the foundation for informed public dis-
course. The erosion of exposure to diverse information sources has serious consequences for
democratic societies, as citizens rely on access to varied and balanced information to make
informed decisions.

The impact of biased news recommendations is particularly critical given the increased
reliance on digital platforms as primary news sources. With the decline of traditional journalism
and local news outlets, many people now rely on a small number of digital platforms for their
news. Consequently, the biases embedded within these platforms' algorithms have a more pro-
found influence on shaping public opinion, potentially leading to a homogenized view of world
events that lacks nuance and diversity. This scenario can diminish critical thinking and inhibit
cross-ideological conversations, contributing to a fragmented society where understanding and
consensus are increasingly difficult to achieve.

Addressing algorithmic bias in news recommendations is not only a technical challenge
but an ethical imperative. The study’s findings suggest that while personalization can increase
user satisfaction, it should not come at the expense of balanced news exposure. Algorithms must
be designed with ethical considerations that prioritize informational integrity, which includes
transparency about how recommendations are made and a commitment to represent a range of
voices and perspectives.

Regulatory bodies can play an essential role in promoting fairness and accountability in
recommendation systems. Policies could require platforms to disclose the factors that influence
content recommendations, enabling users to make more informed choices about the informa-
tion they consume. Additionally, platforms should consider implementing regular third-party
audits to assess bias in their algorithms and provide public reports. Such measures could help
bridge the gap between users and platforms, fostering trust and ensuring that recommendation
systems contribute positively to society.

While eradicating all forms of algorithmic bias may be infeasible, this study advocates
for a set of guiding principles to mitigate its impact and promote fairness in news recommen-
dations:

— Incorporating Diversity Metrics: Algorithms could be designed to track and enhance
content diversity, ensuring that users receive a broader range of viewpoints and topics. By
balancing recommendations to include minority voices, independent sources, and alternative
perspectives, platforms can reduce the tendency toward homogenized or polarized content.

— User Empowerment through Transparency: Giving users insight into why certain arti-
cles are recommended fosters transparency and accountability. Features that allow users to
adjust the weight of different recommendation factors (e.g., topic variety, source diversity)
could help them actively shape their content experience.
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— Dynamic Feedback Loops: Algorithmic bias often emerges from static recommenda-
tion parameters that fail to account for changes in user behavior or public sentiment. Incorpo-
rating dynamic feedback loops that regularly update and recalibrate recommendations based on
diverse user interactions can reduce biases over time.

This study emphasizes the need for ongoing research to address the complexities of algo-
rithmic bias in media. Future work should focus on:

— Real-Time Bias Monitoring Systems: Developing real-time systems for monitoring
and correcting bias in recommendation algorithms can allow platforms to dynamically adjust
their recommendations and respond to emerging bias trends.

— Longitudinal Impact Studies: Analyzing the long-term effects of biased recommenda-
tions on user behavior and public opinion will provide insights into the cumulative impact of
these systems on society.

— Collaborative Research with Diverse Stakeholders: Effective solutions will require
collaboration between data scientists, journalists, ethicists, and policymakers. By working
together, these stakeholders can develop ethical frameworks and guidelines that balance per-
sonalization with diversity, ensuring that recommendation systems serve the public good.

In conclusion, quantifying and addressing algorithmic bias in news recommendations is an
essential step toward creating an informed and cohesive society. The findings of this study offer
a foundation for building recommendation algorithms that not only deliver personalized content
but also respect the need for balanced and inclusive public discourse. By committing to ethical
transparency, regulatory oversight, and technical innovation, platforms can evolve beyond mere
engagement maximizers to become custodians of a healthier, more diverse media ecosystem.

References

1. Barkas, S. (2021). Alhorytmy v ZMI: Vplyv na informatsiini perekryttia [Algorithms in the
media: Influence on information filtration]. Kyiv: Osnovy. [in Ukrainian]

2. Bohdanov, A. H. (2020). Medialna etika ta alhorytmy: Problemy ta perspektyvy [Media eth-
ics and algorithms: Problems and perspectives]. Lviv.: Vydavnytstvo LNU. [in Ukrainian]

3. Dikhtiievskyi, P. V., Lahniuk, O. M. (2015). Cadrove zabezpechennia sudiv zahalnoi yurys-
dyktsii: administratyvnyi i pravovyi aspekt [Staff assistance of courts of general jurisdiction:
Administrative and legal aspect]. Kherson: Helevetyka. [in Ukrainian]

4. Kovalchuk, V. A. (2019). Vplyv alhorytmiv rekomendatsii na spozhyvannia novyn: Vyklyky ta
shliakhy [The influence of recommendation algorithms on news consumption: Challenges and
pathways]. Odesa: Astro. [in Ukrainian]

5. Malenkov, O. (2022). Alhorytmy ta pravyla informatsiinoi bezpeky: Vyvchennia vplyvu na
suspil'stvo [Algorithms and rules of information security: Studying their impact on society].
Dnipro: Nova Doba. [in Ukrainian]

6. Petrenko, 1. V. (2023). Medialni rekomendatsii ta demokratychnyi dyskurs: Udoskonalen-
nia alhorytmiv [Media recommendations and democratic discourse: Enhancing algorithms].
Kharkiv: Prava. [in Ukrainian]

7. Sydorenko, V. (2021). Problemy alhorytmychnykh biasiv v novynnykh rekomendatsiiakh
[Problems of algorithmic biases in news recommendations]. Vinnytsia: Vydavnytstvo VNTU.
[in Ukrainian]

8. Zhukov, D. (2020). Vplyv alhorytiv na suspil'ne poymyttia informatsii [ The influence of algo-
rithms on public perception of information]. Ternopil: Ternopil's'kyi Natsional'nyi Universytet.
[in Ukrainian]

259



